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PENGARUH NORMALISASI TEKS TERHADAP ANALISIS SENTIMEN
BERBASIS INDOBERTWEET PADA TWEET TENTANG RUU TNI

Isnaeni Zakiyah

ABSTRAK

Penelitian ini menganalisis pengaruh normalisasi teks terhadap performa analisis
sentimen pada media sosial X (Twitter) terkait revisi RUU TNI. Data penelitian
berupa 8.603 tweet yang dikumpulkan melalui web crawling pada periode 29
Maret—4 April 2025. Proses preprocessing meliputi cleaning, case folding, dan
normalisasi, kemudian data dilabeli otomatis menjadi tiga kelas sentimen: positif,
netral, dan negatif. Model IndoBERTweet digunakan dengan dua skenario, yaitu
dataset normalisasi dan non-normalisasi. Evaluasi dilakukan menggunakan akurasi,
presisi, recall, dan F1-score. Hasil penelitian menunjukkan bahwa normalisasi teks
tidak selalu meningkatkan kinerja model secara signifikan. Pada beberapa kondisi,
data tanpa normalisasi memberikan hasil yang sebanding bahkan lebih baik.
Sehingga, pengaruh normalisasi bersifat kontekstual dan bergantung pada
karakteristik data serta model yang digunakan. Temuan ini berkontribusi pada
pengembangan analisis sentimen berbahasa Indonesia, khususnya dalam isu sosial-
politik, serta membuka peluang penelitian lanjutan dengan pendekatan ensemble

learning dan domain-adaptive pretraining.

Kata kunci: Analisis Sentimen, IndoBERTweet, Normalisasi Teks, Media

Sosial, RUU TNI
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THE IMPACT OF TEXT NORMALIZATION ON SENTIMENT ANALYSIS OF
TWEETS REGARDING THE TNI BILL USING INDOBERTWEET

Isnaeni Zakiyah

ABSTRACT

This study examines the effect of text normalization on sentiment analysis
performance of tweets regarding the revision of the TNI Bill. The dataset consists
of 8,603 tweets collected through web crawling between March 29 and April 4,
2025. Preprocessing steps included cleaning, case folding, and normalization,
followed by automatic labeling into three sentiment classes: positive, neutral, and
negative. The IndoBERTweet model was tested in two scenarios, normalized and
non-normalized datasets. Performance was evaluated using accuracy, precision,
recall, and F1-score. The results reveal that text normalization does not consistently
improve model performance. In certain cases, non-normalized data achieved
comparable or even better outcomes. The study concludes that the impact of
normalization is highly contextual, depending on data characteristics and the
chosen model. These findings contribute to the development of Indonesian
sentiment analysis in socio-political domains and suggest further research with

ensemble learning and domain-adaptive pretraining.

Keywords: Sentiment Analysis, IndoBERTweet, Text Normalization, Social

Media, RUU TNI
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