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Analisis Sentimen Opini Publik terhadap Program Makan Bergizi
Gratis di Media Sosial X Menggunakan Naive Bayes Classifier (NBC)
dan Support Vector Machine (SVM)

Laisa Usraini

ABSTRAK

Program Makan Bergizi Gratis (MBG) merupakan salah satu program prioritas
pemerintah yang memicu banyak tanggapan masyarakat di media sosial X.
Besarnya jumlah opini membuat analisis manual menjadi kurang efektif,
sekaligus penelitian terdahulu umumnya hanya membandingkan akurasi tanpa
mengukur efisiensi komputasi secara kuantitatif. Penelitian ini bertujuan
membandingkan kinerja klasifikasi sekaligus efisiensi komputasi algoritma Naive
Bayes Classifier (NBC) dan Support Vector Machine (SVM) dalam menganalisis
sentimen opini publik terhadap program MBG. Metode yang digunakan
mengikuti kerangka kerja SEMMA, mencakup pengumpulan tweet berbahasa
Indonesia melalui Tweet-Harvest, preprocessing, pelabelan sentimen, dan
pembobotan fitur dengan TF-IDF. Kedua algoritma diuji pada rasio 70:30, 80:20,
dan 90:10 serta divalidasi dengan K-Fold Cross Validation (k=10), lalu dievaluasi
berdasarkan accuracy, precision, recall, dan FI-score, serta dibandingkan dari
sisi training time dan inference time. Hasil penelitian menunjukkan SVM
memperoleh kinerja klasifikasi lebih baik dibandingkan NBC, dengan rata-rata
akurasi 73,18% dan Fl-makro 67,35% pada validasi K-Fold Cross Validation
(K=10), sedangkan NBC memperoleh akurasi 62,74% dan F1-makro 47,16%.
Sebaliknya, NBC jauh lebih unggul dari sisi efisiensi, karena SVM membutuhkan
waktu pelatihan dan prediksi hingga ratusan kali lebih lama. Penelitian ini
menyimpulkan terdapat trade-off antara kinerja klasifikasi dan efisiensi
komputasi, sehingga pemilihan algoritma perlu mempertimbangkan keduanya
sesuai kebutuhan.

Kata kunci: analisis sentimen, Makan Bergizi Gratis, Naive Bayes Classifier,
Support Vector Machine, efisiensi komputasi
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Public Sentiment Analysis on the Free Nutritious Meal Program on
Social Media X Using Naive Bayes Classifier (NBC) and Support
Vector Machine (SVM)

Laisa Usraini

ABSTRACT

The Free Nutritious Meal (MBG) program is one of the government's priority
initiatives that has generated significant public response on the social media
platform X. The massive volume of opinions renders manual analysis ineffective,
while previous studies generally focused only on comparing accuracy without
quantitatively measuring computational efficiency. This study aims to evaluate
and compare the classification performance alongside the computational
efficiency of the Naive Bayes Classifier (NBC) and Support Vector Machine
(SVM) algorithms in analyzing public sentiment toward the MBG program. The
methodology follows the SEMMA framework, encompassing the collection of
Indonesian-language tweets via Tweet-Harvest, preprocessing, sentiment labeling,
and feature weighting using TF-IDF. Both algorithms were tested across data split
ratios of 70:30, 80:20, and 90:10, and validated using 10-Fold Cross Validation
(k=10). Evaluation metrics included accuracy, precision, recall, and F1-score, as
well as comparative training time and inference time. The results indicate that
SVM achieved superior classification performance compared to NBC, attaining
an average accuracy of 73.18% and a macro F1-score of 67.35% under 10-Fold
Cross Validation, whereas NBC recorded an accuracy of 62.74% and a macro F1-
score of 47.16%. Conversely, NBC demonstrated significantly higher efficiency,
as SVM required hundreds of times longer for both training and inference. This
study concludes that a clear trade-off exists between classification performance
and computational efficiency, highlighting the need to select algorithms based on
specific operational requirements and constraints.

Keywords: sentiment analysis, Free Nutritious Meals, Naive Bayes Classifier,
Support Vector Machine, computational efficiency
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