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“Implementasi Metode Support Vector Machine dan Naive Bayes untuk
Analisis Opini Publik tentang Hantavirus pada Platform Tiktok”

Miftahul Jannah
1222001001 @student.bakrie.ac.id

ABSTRAK
Hantavirus merupakan salah satu isu kesehatan yang mendapat perhatian masyarakat

Indonesia pada tahun 2026 setelah ditemukan sejumlah kasus di beberapa wilayah.
Tanggapan masyarakat terhadap isu tersebut banyak disampaikan melalui kolom
komentar TikTok, namun volume komentar yang besar dan bersifat informal
menyulitkan analisis secara manual. Penelitian ini bertujuan untuk menganalisis
sentimen opini masyarakat terhadap Hantavirus pada platform TikTok serta
membandingkan performa algoritma LinearSVC dan Multinomial Naive Bayes dalam
mengklasifikasikan sentimen tersebut. Data penelitian berupa 5.203 komentar dari
delapan unggahan TikTok akun SCTV dan Liputan6 yang dikumpulkan melalui teknik
web scraping pada periode Mei-Juni 2026. Setelah melalui tahap filtering bahasa
daerah dan text preprocessing (cleaning, case folding, normalization, tokenizing,
stopword removal, dan stemming), diperoleh 4.818 komentar yang diberi label
sentimen positif, negatif, dan netral menggunakan pendekatan rule-based berbasis InSet
Lexicon. Data selanjutnya direpresentasikan menggunakan TF-IDF, ditangani
ketidakseimbangan kelasnya dengan Random Oversampling, dan dibagi dengan rasio
80:20 sebelum diklasifikasikan menggunakan LinearSVC dan Multinomial Naive
Bayes. Hasil analisis sentimen menunjukkan bahwa opini masyarakat didominasi
sentimen negatif (44,77%), diikuti sentimen positif (28,21%) dan netral (27,02%).
Hasil pengujian model menunjukkan bahwa LinearSVC memperoleh performa lebih
baik dibandingkan Multinomial Naive Bayes, dengan nilai accuracy 83,71%, precision
84,55%, recall 83,71%, dan Fl-score 83,92%, sedangkan Multinomial Naive Bayes
memperoleh accuracy 75,00%, precision 75,99%, recall 75,00%, dan F1-score 74,84%.
Dengan demikian, LinearSVC merupakan algoritma dengan performa Kklasifikasi
terbaik pada penelitian ini.

Kata kunci: Analisis Sentimen, Hantavirus, TikTok, LinearSVC, Multinomial Naive
Bayes, TF-IDF



“Implementasi Metode Support Vector Machine dan Naive Bayes
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ABSTRACT

Hantavirus is a health issue that attracted public attention in Indonesia in 2026
following the identification of several cases in various regions. Public responses to this
issue were widely expressed through TikTok comment sections; however, the large
volume of comments and their informal nature make manual analysis challenging. This
study aims to analyze public sentiment regarding Hantavirus on the TikTok platform
and compare the performance of the LinearSVC and Multinomial Naive Bayes
algorithms in classifying these sentiments. The research data consisted of 5,203
comments collected from eight TikTok posts published by the SCTV and Liputan6
accounts through web scraping during May—June 2026. Following regional language
filtering and text preprocessing (cleaning, case folding, normalization, tokenizing,
stopword removal, and stemming), 4,818 comments were obtained and labeled as
positive, negative, or neutral using a rule-based approach based on the InSet Lexicon.
The data were subsequently represented using TF-IDF, balanced using Random
Oversampling, and divided at an 80:20 ratio before being classified using LinearSVC
and Multinomial Naive Bayes. The sentiment analysis results indicate that public
opinion was dominated by negative sentiment (44.77%), followed by positive sentiment
(28.21%) and neutral sentiment (27.02%). Model evaluation showed that LinearSVC
achieved better performance than Multinomial Naive Bayes, with an accuracy of
83.71%, precision of 84.55%, recall of 83.71%, and F1-score of 83.92%. Meanwhile,
Multinomial Naive Bayes achieved an accuracy of 75.00%, precision of 75.99%, recall
of 75.00%, and F1-score of 74.84%. Therefore, LinearSVC demonstrated better
classification performance in this study.

Keywords: Sentiment Analysis, Hantavirus, TikTok, LinearSVC, Multinomial Naive
Bayes, TF-IDF.
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